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Commercial Voter Files and the Study of

U.S. Politics

Demystifying the digital databases widely used by political
campaigns

Since the rise of modern survey research, much of what is known about voter attitudes, behavior
and the composition of the electorate has come from interviews with samples of voters,
sometimes in combination with aggregate voting statistics. But relatively recent technological
innovations and government policy changes have given political practitioners and researchers a
new addition to their toolbox: national digital databases, or “voter files.” These files are built by
commercial organizations using official, publicly available government records of who is
registered to vote and who cast ballots in past elections.

As research and targeting using these voter files has become more widespread, voter file vendors
are increasingly trying to provide coverage of all U.S. adults, including those who are not
registered to vote. These commercially available files provide not only a nationwide picture of
voter registration and turnout, but are usually supplemented with information from consumer
data vendors, credit bureaus, political organizations and other sources and are marketed as
providing a rich and comprehensive record for nearly every American adult.

Over the last decade, commercial voter files have become central to the conduct of
contemporary election campaigns and are frequently employed by pollsters, journalists and
political analysts trying to understand the American electorate. As part of a broader effort at
Pew Research Center to shed light on this important but somewhat arcane resource, this report
focuses on using the files to enhance our understanding of survey respondents. It also attempts
to evaluate the quality of the data provided by the files.

In order to accomplish these goals, voter file data acquired from five commercial vendors were
matched to participants in Pew Research Center’s American Trends Panel, a nationally
representative sample of adults who have agreed to take surveys on a regular basis. This offers
an opportunity to compare self-reported voter registration and turnout data provided by
panelists — data that are subject to well-documented survey errors — to the high-quality official
vote records included in the voter files. It also provides a chance to use data acquired from
survey interviews with panelists to verify the accuracy of the ancillary information that
commercial vendors attach to the voter files, including additional demographic, financial,
lifestyle and political data.



2
PEW RESEARCH CENTER

The data sources

To describe and evaluate voter files, Pew Research Center attempted to link all of the nearly
5,000 members of the American Trends Panel (ATP), its nationally representative survey panel
of U.S. adults, to five commercial voter files. Two of the files are from nonpartisan vendors, two
are from vendors that work primarily with Democratic and politically progressive clients and
one is from a vendor that works primarily with Republican and politically conservative clients.
The vendors are anonymized and numbered from one to five in this report, ordered by the rate
at which the voter file records were matched to members of the panel.

All vendors were provided with the same panelist information for searching, which included
their name, address, gender,

phone number, race and

ethnicity, date of birth or Match rates across five commercial voter files

age and email address.

Vendors were then asked to Filel  File2  File3  File4  File5
find these individuals in Match rate (percent) 79 77 69 69 50
their voter files using their Unweighted sample

. size of matched cases 3,487 3,432 2,939 3,135 2,430
normal matching

Note: Among 3,985 active panelists who provided a name. Weighted.
“Commercial Voter Files and the Study of U.S. Politics”

then provided Center PEW RESEARCH CENTER
researchers with voter file

methodology. The vendors

data on voter registration

and turnout, party affiliation and demographic characteristics for each panelist they were able to
match. Vendors were obligated to maintain this information in strict confidence and to
permanently delete all personally identifying information about panelists when the matching
was completed. Overall, 91% of the 3,985 active members of the ATP who took part in a survey
conducted Nov. 29 to Dec. 12, 2016 (and who provided a name) yielded a match by at least one
of the vendors.

Summary of findings

Commercial voter files are an amalgamation of administrative data from states about
registration and voting, modeled data about partisanship, political engagement and political
support provided by vendors; and demographic, financial and lifestyle data culled from a wide
range of sources. Bringing together data from a number of different sources brings challenges,
as each source comes with its own strengths and weaknesses. A principal goal of this study was
to assess the accuracy and completeness of the information in the commercial voter files. For

1 Some panelists (198) have declined to provide their names. They could not be matched and are excluded from the analysis in this
report.

www.pewresearch.org
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most of the analyses, information provided by respondents in the American Trends Panel is

used to assess the quality of the information in the voter files. Here are some of the most

important findings, followed by additional
detail from the analysis:

* Researchers were able to match a
very high percentage of panelists
from the nationally representative
survey sample to at least one of the
five commerecial voter files,
suggesting that the files
collectively cover a large share of
the U.S. population. Depending on
the voter file vendor, the percentage of
panelists matched varied from a low of
50% to a high of 79%, with an average
match rate of 69%. Less than half (42%)
of the panelists were located in all five
files, but each of the vendors “found”
panelists missed by other vendors.
Differences among the vendors are
largely a function of their tolerance for
mismatches and, presumably, the
success of their matching algorithms.

Collectively, the vendors successfully
matched 91% of panelists, meaning that
more than nine-in-ten panelists could be
found on at least one of the files and just
9% of panelists could not be found on
any of the files. The relatively high level
of coverage of the files is encouraging for
researchers and campaigns that use
them for targeting, messaging or
research. Of course, most clients using
these voter files will not have purchased
all five of them, so match rates of 90%
and higher may be difficult if not
impossible to achieve with any single
file.

Hispanics, the young, and more mobile
panelists less likely to be found on the

voter files

% of each group that matches to...

m QO files

Total

Men
Women

18-29
30-49
50-64

65+

White
Black
Hispanic

College+
Some col

HS or less
Family income
$75,000 +
$30k-$74,999
<$30,000

Time at current address

1 year or less
1-2 years

3-4 years

5 years or longer

1 file = 2-4 files
8 o 41
911 43

B s 39

a8y 16 44
9 9 42

Bo 39

2 36

4s 41

6 10 37
. 2 40
66 40

8o 42

if 13 40
a7 38

6 s 40

iy 11 43
i 14 58
i 11 46
2 7 36

Bs 35

All 5 files

42

38
45

22
39
47
59

47
43
26

48
42
36

52
45
il

14
31
45
52

Note: Among active panelists who provided a name. Weighted.
“Commercial Voter Files and the Study of U.S. Politics”

PEW RESEARCH CENTER
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» Still, commercial voter files may disproportionately miss segments of the
public who are politically disengaged, younger, Hispanic and more mobile.
Specifically, the likelihood of finding an individual on a commercial voter file was strongly
related to whether they were registered to vote. On average across the five vendors, 77% of
people who said they were registered to vote were matched. Only 38% of the self-described
unregistered voters were matched. Similarly, match rates varied greatly by panelists’ age,
race and ethnicity. Only about one-in-five younger panelists (22% of those ages 18 to 29)
were found in all five files, as compared to more than half (59%) of older panelists (ages 65
and older). Similarly, just 26% of Hispanics were found in all five files, compared with 47%
of non-Hispanic whites.? Mobility is also a strong correlate. Only 14% of those who reported
moving in the last year were found on all five files. Those who reported living at their
residence for longer matched at a much higher rate.

* As aresult of the systematic demographic differences in the types of people
who were difficult to locate in the files, this analysis finds that commercial
voter files may have significant limitations for efforts to study the general
public (as opposed to registered voters). In comparison with random-digit-dial
telephone samples, voter files do not provide the same degree of coverage of the adult
population overall, and the kinds of people missed by the files may be very different
politically and demographically from those who can be found in the files and contacted by
phone.

» The process of matching survey panelists to the voter files can be vexed by
small differences in names and addresses, leading to ambiguity regarding the
accuracy of some of the matches. In addition, difficulty with matching is related to
lifestyle and demographic factors — such as frequently changing one’s residence — that are
also correlated with political engagement and party preferences.

» Across the five vendors there were significant differences in matching styles
and, as a result, match rates. Some vendors restricted their matching only to panelists
for whom they had a very high degree of certainty about the accuracy of the matches,
resulting in an older and more politically engaged set of matched panelists. Other vendors
assessed the trade-off differently and matched a higher share of panelists, producing a more
diverse matched group while accepting more uncertainty about the accuracy of their
matches.

2 While interviews are conducted in both English and Spanish in the American Trends Panel, the Hispanic sample in the panel is more
native born and English speaking than the population is known to be.

www.pewresearch.org
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» The files generally agree with respect to voter turnout in the 2016 presidential
election (at least among survey respondents who are matched in common),
though one of the files appeared to miss a number of voters captured by the other four files.
And there is no record of voting for nearly all survey respondents who said in a post-election
survey that they did not vote in 2016.

Among panelists who were matched by all the vendors in the study, 85% have identical
turnout records across the five files: 75% are recorded as having voted in 2016 in all five files
and 10% have no record of a vote in all five files. One file — File 3 — had records that
conflicted with the other four files for many panelists, indicating that they may have missed
the state voter records for many panelists.

Another potential

measure of data
quality in measures of ~ Most respondents’ party affiliation correctly classified

turnout is how closely Among those with partisanship available, % of self-identified Reps/Dems who

the self-reported vote are correctly identified as...

choice (e.g., Trump VS. Among self-described Rep/lean Rep ... Among Dem/lean Dem

. 70% 85%
Clinton) among those File1 70% of those who say Oe(0)
panelists ﬂagged as they're Republicans e =

. are listed as
having voted matched Flle2 Republicans in File 1. Om—r=®
the actual election 62 65
File 3
outcome. Reported ©_0)
presidential vote by File 4 565 (g
panelists verified as
having voted by at Flle 5 701 g’
least one of the voter
file vendors is very
similar to the national
vote share fOI‘ each Note: Among active panelists who matched to each file. Weighted.
. Percent correctly classified is the total share whose voter file partisanship matches self-
candidate (48% described party affiliation in the survey.
Clil’ltOl’l 45% Trump “Commercial Voter Files and the Study of U.S. Politics”
’ . PEW RESEARCH CENTER
among validated

voters, compared with

the official outcome of 48%-46%). Presidential vote among these validated voters was much
closer to the outcome than the vote among all self-reported voters in the panel (49% Clinton,
43% Trump).

» Self-reported data on voter registration status is particularly problematic. Many
panelists who expressed doubt about their registration in a survey, or who said they were

www.pewresearch.org
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definitely not registered, nevertheless had a registration record on at least one file. This may
reflect the fact that voter registration is an administrative status that is somewhat abstract
rather than a more easily remembered behavior like voting.

There was a relatively close correspondence between panelists’ self-reported
party affiliation and the party identification predicted by voter file vendors.
Voter file data on party affiliation benefits from the fact that many states register voters by
party, and while voters’ party registration might not always match their self-identification, it
is a very good proxy. However, even in states without party registration (roughly half of

U.S. adults live in such states), the voter file estimates of party affiliation tended to be
reasonably accurate. On average across the five files, modeled party affiliation in the files
matched self-reported party affiliation for about two-thirds of panelists (67%). In general,
the files did a better job of identifying Democrats than Republicans.

Voter file turnout models did a good job of predicting who would vote in 2016.
The analysis in this report, along with a previous Pew Research Center study, show that

using these scores to create a likely electorate for the 2016 general election improves election
estimates relative to relying on self-

reported information alone. Accuracy of demographic data varies by

voter file vendor and across variables

Among all matches, including missing data, % who are
each vendor provided a measure of correctly classified

turnout likelihood in the election,

Prior to the 2016 general election,

Filel File2 File3 File4 File5| Average

and applying these measures % % % % % %
improved the accuracy of the Race 79 85 74 78 80 79
American Trends Panel’s estimate of ~ Education 62 66 - 27 50 51
voter preferences in the presidential ~ ncome 31 46 - 30 40 37
race. The estimate narrowed Hillary Religion 61 5 %6 49 39 52
Clinton’s advantage from 7

Match rate 79 77 69 69 50 69

percentage points among all
ist d t t £ t Note: Among active panelists matched to each file. Weighted. Missing data
registered voters to a range o 3t05 included in correct classification rate.

pOil’ltS using the modeled turnout “Commercial Voter Files and the Study of U.S. Politics”

scores. She ended up with a 2-point PEW RESEARCH CENTER

advantage over Donald Trump on
Election Day. Past voter history is a key component of these models, but the exact algorithms
the vendors use are not public.

www.pewresearch.org
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* The voter file estimate of the race or ethnicity of panelists, when provided, also
matched the survey data reasonably well. The files are able to accurately categorize
79% of panelists (on average) by race and ethnicity, including an average of 93% for non-
Hispanic whites, 72% for Hispanics and 67% for blacks.

» Other demographic data in the voter files — like education and income data —
tended to be suggestive at best and were often missing entirely. The vendors
differed considerably in the accuracy of some of these kinds of variables.
Education level was either missing or inaccurate an average of 48% of the time across the
files. Similarly, household income was missing or inaccurate 63% of the time on average
across the files. In general, these demographic variables simply provide a greater likelihood
of identifying a group of interest, rather than any certitude of doing so.

Caveats about the analysis

Because much of the analysis presented here is based on a comparison using data from Pew
Research Center’s American Trends Panel, it is important to note that no survey, including the
American Trends Panel, perfectly represents the adult population of the U.S. While data in the
panel are weighted to be nationally representative with respect to a wide range of characteristics
(age, sex, race, Hispanic origin, education, region of residence, population density etc.), no
survey is an exact model of the population in all respects. A second caveat is that while most of
the demographic information and partisan affiliation provided by the panelists is likely to be
correct, self-reports of voter registration — or voter turnout, in particular — may err because of
the phenomenon known as social desirability bias. Some individuals may report being registered
or having voted when they have not. In general, self-reported demographic and related personal
information about panelists will be treated as true, while self-reports of political engagement —
behaviors that are viewed as socially desirable and are often overreported — will need to be
evaluated carefully in light of the information in the voter files.

History of voter files

Election administration in the U.S. has historically been highly decentralized, with states
adopting a range of methods for managing the election process and keeping records of who is
eligible to vote and who has voted. This patchwork made it very difficult, if not impossible, to
assemble anything resembling a national database of voters. Even statewide databases were
unavailable in some places.

The relatively recent availability of commercial voter files is a result of both technological

progress and government policy changes that resulted from problems in recent U.S. elections.
The 2000 presidential election raised concerns about the accuracy, consistency and quality of

www.pewresearch.org



http://www.pewresearch.org/
http://www.pewresearch.org/methodology/u-s-survey-research/american-trends-panel/

8
PEW RESEARCH CENTER

election administration systems. In its aftermath, Congress adopted the Help America Vote Act
of 2002 (HAVA) to address some of these issues. Among the many provisions of HAVA was that
states were directed to create “a single, uniform, official, centralized, interactive computerized
statewide voter registration list defined, maintained, and administered at the State level that
contains the name and registration information of every legally registered voter in the State ...”s
These digital databases then made it possible for partisan and commercial organizations to
collect and compile national files of voters by combining the digital files from each state and the
District of Columbia.

In an age when personal information has been increasingly commoditized, the files then iterated
a step further. Very comprehensive databases of nearly all adults in the U.S. are now maintained
by credit bureaus and other businesses. Commercial voter files based on registered voters can be
compared with the larger databases of all adults to identify individuals who are not registered to
vote. Records for these individuals are then added to the commercial voter files and all of the
records are populated with additional political and nonpolitical information.

The compilation process that companies use to create the national voter files is far easier now
than it was before HAVA, but it is not without its challenges. Americans remain a fairly mobile
population, meaning that credit, consumer and voter files must be continually updated. A
registered voter who moves to another state must re-register, and there is no uniform method by
which election officials across states are notified when a voter moves. While both election
officials and the commercial voter file vendors attempt to keep track of individuals when they
move using resources such as the National Change of Address database from the U.S. Postal
Service, the process is hardly foolproof. Each commercial vendor uses different methods for
updating its files and making judgments about which official record associated with an
individual is the most current one. Still, even with their flaws, the commercial voter files
constitute a considerable improvement over what was available to campaigns, parties and
researchers prior to the passage of HAVA.

3 Help America Vote Act of 2002, Title Ill, Section 303.

www.pewresearch.org
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1. Matching the American Trends Panel to voter files

In addition to their use as survey sample sources, voter files are commonly used in political
research by matching and linking them to people who have responded to polls or are found in
various lists such as members of the clergy or physicians. Efforts to link public vote records to
surveys go back several decades prior to the existence of modern commercial voter files. In the
1980s, the American National Election Study attempted to link voter turnout records to its
respondents by having interviewers visit local election offices where the respondents lived. This
labor-intensive and expensive effort was later abandoned but has been revived with the
availability of better quality digital files in individual states and the commerecial files covering
the entire country. The Cooperative Congressional Election Study is another prominent election

survey that has matched respondents to a voter file.

The process of linking commercial voter file records to survey respondents (or any list, for that
matter) might seem straightforward: Use the respondent’s name, address and other information
to identify a voter file record for the same person. However, the matching process can falter if
there are major differences in names (e.g., a maiden name vs. current married name), or
addresses (e.g., if respondents have recently moved). Quirks in the data can also affect the
matching process. And some individuals are simply not present in the commercial voter files at
all. For uniformity, we accepted the data as the vendors sent it, knowing that for a variety of
reasons (including those listed above), some vendors matched panelists that others did not.

To better understand and

evaluate both the matching

. Match rates across five commercial voter files
process and the properties

of voter files, Pew Research

Center attempted to match File 1 File 2 File 3 File 4 File 5
members of the American Match rate (%) 79 77 69 69 50

3 : Unweighted sample
Trends Panel, its nationally 208 ot e 3487 3432 2939 3435 2,430

representative survey panel,
to five different commercial
voter files. To be sure, there
are more than five vendors
that maintain

Note: Among 3,985 active panelists who provided a name. Weighted.
“Commercial Voter Files and the Study of U.S. Politics”

PEW RESEARCH CENTER

comprehensive national voter lists, but the vendors used in this study represent five of the most

prominent and commonly used voter files. Two of the files are from vendors that are

traditionally nonpartisan, and three are from vendors that work primarily with clients on one

www.pewresearch.org
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side of the partisan

spectrum — two that work
with Democratic and Large majority of panelists matched to two or more

voter files

politically progressive

clients and one who works % of panelists matched to____files by file
with Republican and Overall | File1 File2 File3 Filed File5
politically conservative % % % % %
clients.4 Overall match rate 91 79 77 69 69 50
Matched...
All vendors were provided No files 9 - - - - -
with the same panelist 1file ° 4 5 3 ¥ ¥
. . 2 files 13 11 11 8 4 *
information: name, address,
3 files 10 10 10 7 10 4
gender, phone number, race _
1 ethnicitv. d ebicth 4 files 18 22 20 22 26 13
and ethnicity, date of birt 5 files 42 53 54 60 60 82
and email address. They 100 | 100 100 100 100 100

were asked to find these _ _ . . .
Note: Among active panelists who provided a name. Figures read down. Weighted.
individuals in their voter “Commercial Voter Files and the Study of U.S. Politics”

files using their normal PEW RESEARCH CENTER

matching methodology and

return the voter file records, such as registration status and turnout history, to Pew Research
Center. Of the 3,985 active memberss of the ATP who provided a name®, 91% were identified in
at least one of the five commercial voter files. Vendors agreed to delete personally identifying
information about panelists when the matching was completed.

When considered in total there is a high level of coverage of the survey panelists. But individual
vendors matched at different rates. Two of the files (Files 1 and 2) matched the highest share of
panelists (79% and 77% respectively) followed by Files 3 and 4 at 69% each.

File 5 matched at the lowest rate of just 50% of panelists. However, a low match rate does not
necessarily imply lower quality data. In a follow-up analysis conducted to evaluate the quality of
the matches, 99% of File 5’s matches were judged as likely accurate, compared with 94% to 97%
of the other vendors’ matches. Voter file vendors told us that they have differing thresholds for
confidence in selecting a match. This offers clients a trade-off in getting more data with more
matches, at the cost of potentially including some inaccurate matches, versus fewer matches and

4 Because the overarching goals of the study were to evaluate the performance of the different vendors on a range of metrics, rather than
to single out individual vendors as particularly good or bad, researchers anonymized the names of the voter file vendors and labeled each
with a number.

5 Panelists are removed periodically either due to inactivity or by request. This analysis is only of active panelists who responded to the
post-election interview conducted Nov. 29 to Dec. 12, 2016.

6 A small number of panelists (5%) have never provided their name to Pew Research Center and no effort was made by any of the vendors

to match these individuals and therefore were excluded from this analysis

www.pewresearch.org
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greater accuracy but potentially more bias in the cases that are matched. 7 Officials at File 5 said
they were confident about the quality of their matches, which was borne out by our evaluation.
However, they matched far fewer panelists than some other vendors and thus provided much
less usable information overall, even if matches are limited to those who meet a high threshold
of accuracy.

There is significant overlap in who matched to each file. Records for four-in-ten panelists (41%)
were found on all five voter files and another 18% were found by four of the five vendors.
Overall, 9% of panelists were found only on a single file — with most in this group coming from
Files 1, 2 and 3). But each of the vendors found panelists that other vendors missed. Only 9% of
panelists were not found by any of the vendors.

Matches made by File 5 (with the lowest overall match rate) have the highest overlap with other
vendor matches. Fully 82% of matches to File 5 were also found by the four other files, followed
closely by Files 3 and 4, with 60% of their matches being common matches with other files. Files
1 and 2 both had roughly half (53% and 54% respectively) of their matches found by all other
files, with many of their matches found by only two or three other vendors.

How matches are made

The matching process uses information such as the respondent’s name, address, gender and
date of birth — whether from a list or collected during the survey — to identify the respondent’s
voter file record. Sometimes this process is straightforward, when a respondent’s name, address
and date of birth match perfectly to the voter file. Unfortunately, this isn’t always the case. If the
state voter list doesn’t report birthdays, or if a respondent is registered under a different name
or at a different address, a successful match may not occur.

When a perfect match can’t be found, multiple possible matches must be considered, and the
best match is chosen from among these. The process used by many vendors typically consists of
two steps. The first step searches vast numbers of records to find potential matches, while the
second chooses which among the plausible matches is best. At the first stage, the vendor’s
matching software tries to identify all of the records that might be good matches to the
respondent. Because the software has to sift through hundreds of millions of voter file records to
identify these matches, computational shortcuts are used to locate plausible matches without
burdening the software with assessing exactly which record will be the best match.

7 The term bias can conjure up the thought of prejudice against certain kinds of people or a conscious effort to be unfair. Surveys can be
biased in this sense if, for example, the questions are designed to favor one side of an issue. But when survey researchers and
statisticians use the term, they mean something more general. In this case, bias is error that occurs when the composition of the matched
sample is systematically different from what is true in the population. The term bias, as used in this study, does not result from conscious
effort on the part of the researcher.

www.pewresearch.org
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To give a concrete example, suppose that, at the time of this data collection, Vice President Joe
Biden had been a part of our study. We would have asked the vendor to find the voter file
record of a Joseph Biden, who reported being born in 1942 and residing (at the time) at 1
Observatory Circle, Washington, D.C., the official vice presidential residence. The software
would set out to find all of the voter file records that could possibly refer to our respondent.
People named Joe Biden or Joseph Biden, or having similar names like Jose Biden or Joe
Widen, other 1 Observatory Circle residents and Bidens born in 1942 would all arise as possible
matches. Once the full set of possible matches is generated by the first stage, the second stage
begins. The software assigns all of the possible matches a score expressing the voter file record’s
similarity to the respondent’s matching data. An exact name match would be assigned a higher
score than approximate name matches like Jose Biden or Joe Widen. Similarly, matches that
share a full birthdate or address would be assigned higher scores, while matches that merely live
in the same city or that are the same age but have incomplete or nonmatching birthdates would
receive lower scores. After all of these matching scores are generated, a best match is chosen.

Typically, the best match is simply the voter file record that mostly matches the information
volunteered by the respondent. But other considerations can lead researchers to prefer a more
imperfect match. Suppose we were left to choose between two records: a registered voter,
Joseph Biden, with a listed home address in Wilmington, Delaware or a Joseph Biden, living at 1
Observatory Circle in Washington, D.C. but with no record of being registered to vote at that
address. The Washington record is obviously the closer match, as it matches the address the
respondent gave. On the other hand, if both records refer to the same Joseph Biden, then we
may be more interested in the Delaware record, as the registered voter record will include
information about his registration status, length of registration, vote history and political party.
Ascertaining which of these two matches is preferred is partly a matter of making a trade-off
between match confidence (the confidence we have that the record refers to the respondent) and
the match’s usefulness (the amount of useful and relevant data conveyed by the voter file
record).

When researchers have to match survey data to the voter file, they face the choice of doing the
matching themselves. They can either take the whole voter file (or large portions of it) and write
computer code to find the records that best correspond to the survey respondent, or they can opt
to have a voter file vendor do it for them. Having a vendor do the matching is appealing, since it
requires less work from the researcher and it can even be less expensive, since it means
purchasing less data from a voter file vendor, but it comes at the cost of having less control over
the matching process. When contracting out the matching process to a vendor, researchers
typically never see the rejected matches, making it difficult to assess whether better matches
were erroneously rejected by the vendor.
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computational and software engineering resources to the problem than researchers can. Even if

the methods are proprietary and not especially transparent, they could be a preferable option if

their performance is superior.

Biases in the match

Failures to match do not
occur randomly. Rather,
certain kinds of people are
less likely to be
successfully matched.
These individuals also
tend to be different
politically than those who
are easier to match. This
can lead to biases in
conclusions drawn from
data with matched voter
file information. Panelists
who are registered to vote
and say they participate
regularly in elections are
more likely to be matched,
leaving the politically
disengaged
underrepresented in voter
files. This is to be
expected, as registered
voter lists in the states

Across all voter files, more partisan and politically

engaged are more likely to match to voter files

% of each group that matches to...

File 1

Self-reported partisanship %
Republican 86
Lean Republican 83
No lean 61
Lean Democrat 67
Democrat 79
Self-reported 2016 vote

Voted 87
Did not vote 53
Self-reported registration
Registered to vote 87
Not registered to vote 50
Overall match rate 79

File 2
%
86
79
74
69
74

84
56

84
54

7

File 3
%
72
66
40
69
70

78
44

78
37

69

File 4
%
74
69
46
67
68

79
40

78
35

69

File 5
%
58
a7
35
46
49

61
19

61
12

50

For example: 87% of people who self-reported voting in 2016 matched to File 1.
Note: Among active panelists who provided a name. Weighted.

“Commercial Voter Files and the Study of U.S. Politics”
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Average
%
75
69
51
64
68

78
42

77
38

69

make up the bedrock of voter files.

In particular, Files 1 and 2 match more of those who are not politically active and engaged than
the other vendors. Just 19% of those who said they didn’t vote in 2016 were matched to File 5.
By comparison, 56% of 2016 nonvoters matched to File 2 and 53% were matched by File 1. A

similar pattern emerges with voter registration. While File 2 matches 54% of those who say

they’re not registered to vote, File 4 matches only about one-third (35%) of that group to their

file, and File 5 — with the lowest overall match rate — matched only 12%.
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A similar pattern appears with respect to party affiliation. Files with higher match rates, such as

File 1, were able to match eight-in-ten or more of those who identify with a party to their file

(86% of Republicans and 79% of Democrats), while 61% of those who do not lean toward either
party were matched. While Republicans have a slightly higher match rate in several files, the

partisan differences are modest.

Differences in the match rates for different subgroups naturally have an impact on the

demographic and political composition of those matched. While all files have a political

engagement bias in terms of who is matched, those biases increase as match rates decrease. In
other words, as vendors become stricter in terms of who they consider a match, the sample of

people who are matched looks increasingly politically engaged. For example, 75% of American

Trends Panel members say they voted in the
2016 election. Among those matched to File
1, the file with the highest match rate, 83%
report having voted in 2016. Among those
matched to File 5, the file with the lowest
match rate, 90% report having voted.

Interestingly, these differences are not
present when it comes to partisanship.
While the partisan composition of the
panelists matched to each of the five files is
slightly more Republican than the panel
overall, differences among the files are
minor or negligible.

A consequence of these differences in match
rates by partisanship and political
engagement is that panelists who are
registered to vote and regularly participate
in elections are more likely to be matched to
multiple files, while those who do not
participate tend to be found on fewer (or no)
files. Nearly two-in-ten who self-report not
leaning toward either party (17%) are not
able to be matched to any of the five voter
files compared with just 3% of those who
identify as Republican. Democrats and

Less politically engaged panelists
match to fewer or no voter files

% of each group (self-reported) that matches to...

mQOfiles © 1file = 2-4files mAll 5 files
Total [ 9 41 42
Republican I 8 42 47
Lean Republican . 10 42 41
Nolean [NA7N 19 41 23
Lean Democrat - 13 39 36
Democrat . 7 40 42

Voted 41 51

4s
Did notvote [2200 22 41 15

Registered to
o He 40 50

Not registered to
oo 28 3 4 (9

Note: Among active panelists who provided a name. Weighted.
“Commercial Voter Files and the Study of U.S. Politics”
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independents who lean Democratic are also slightly less likely to match: 11% of Democrats and

12% of Democratic leaners were not matched to any files.
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By the same token, those who identify with either of the parties are far more likely to be found in
many, if not all, of the voter files in this study — a reasonable proxy for being easy to find. While

just 23% of those who do not lean toward either party were found in all five files, more than
four-in-ten Republican identifiers (47%) and Democratic identifiers (42%) were found on all five
files. Those who lean toward either party, regardless of partisanship, were a little less likely to

match across the files: Only 41% of
Republican leaners and 36% of Democratic
leaners matched to all five files.

An even more dramatic pattern can be seen
with political participation. Half (51%) of
those who reported voting in the 2016
election matched to all five voter files,
compared with just 15% of those who said
they did not vote. More than four-in-ten
(44%) of those who said they didn’t vote
were found in just one or no voter files, vs.
9% of those who said they voted. Among
panelists who report not being registered to
vote, 26% are not found on any voter files
and another 23% match to only one file. Just
9% match to all five voter files.

Beyond the impact of political engagement,
certain demographic characteristics are
strongly associated with propensity to
match. Voter files tend to do a better job of
matching older, white, less mobile panelists
while younger, more diverse and more
mobile panelists end up with fewer or no
matches. And, of course, these demographic
characteristics are related to both
partisanship and likelihood of participating
in politics.

Age and mobility are particularly strongly
associated with matching. Across all of the
vendors, there is a roughly 30-point
difference in the rate of matches between
people ages 18-29 and those 65 and older.

Older, less mobile panelists found on
more voter files

% of each group that matches to...

m QO files

Total

Men
Women

18-29
30-49
50-64

65+

White
Black
Hispanic

College+
Some col

HS or less
Family income
$75,000 +
$30k-$74,999
<$30,000

1 file

8 o

911
8l s

2-4 files

41

43

39

a8y 16

B9
Bo
2

4s
110/ 10

42

39

36

41

37

23 12

66
g o
4 13

a7
B s
faa 11

Time at current address

1 year or less
1-2 years

3-4 years

5 years or longer

i 14
i 11
2 7
B s

40

42

38
40

36
35

40

43

46

44

40

58

All 5 files

42

38
45

22
39
47
59

47
43
26

48
42
36

52
45
il

14
31
45
52

Note: Among active panelists who provided a name. Weighted.
“Commercial Voter Files and the Study of U.S. Politics”
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Similarly, people who have lived at their current address for less than one year are considerably
less likely to be matched than those who have resided at their address for at least five years.

As a consequence of these patterns, the demographic profile of those matched differs somewhat
across the vendors. File 5, with the lowest match rate, has the smallest share of panelists ages
18-29 (13% vs. at least 16% for the other files). And two-thirds of File 5’s panelists have lived at
their current residence for at least five years, compared with 58% to 59% for the other vendors.

The demographic differences in propensity to match also mean that more than one-in-six
younger panelists (18% of those ages 18-29) are not matched to any of the five files and an
additional 16% were found on just one file. Only 22% of younger panelists were found in all five
files. By comparison, 59% of older panelists (ages 65 and older) were found on all five files, and
just 2% were not found on any of the files. Similarly, 52% of those who have lived at their
current address for five or more years matched to all five files and just 5% could not be located
in any file. Just 14% of those with less than one-year tenure at their current address were located
by all five files.

Hispanics match at lower rates than other racial or ethnic groups. Nearly a quarter (23%) are
not matched to any files. Only 26% of Hispanics were matched by all five files, while nearly half
(47%) of whites were found by all five. Blacks fall somewhere in between. Roughly four-in-ten
blacks (43%) were found on all five files, while 10% were not matched to any files.

While there are differences in propensity to match by educational attainment, they are
comparatively minor. Half (48%) of panelists who report having at least a bachelor’s degree
were matched to all five files, compared with 36% of those who reported having a high school
diploma or less. Panelists at all education levels are roughly equally likely to not be matched to
any file.
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2. How well do the voter files cover the unregistered?

When voter files first came to prominence for practitioners and researchers, many were just

what the name suggests — lists of registered voters. However, as research and targeting using the

voter files has become more widespread, most vendors try to provide coverage of all U.S. adults,
including those not registered to vote, in their files. Because the core component of the files is a

combination of official state lists of registered voters, vendors have sought out commercial

databases — available from sources such as credit rating agencies — to locate Americans missing

from state voter rolls.

How well the files cover the unregistered population is potentially an important consideration
for those who wish to use the files to locate and attempt to persuade the unregistered to register.
Coverage of the unregistered is also important if the file is to be used for describing or

conducting surveys of the general public and not just voters. To date, pollsters have used the
files as a source for sampling the registered voter population, but files that make an effort to

cover the full population could theoretically have utility as sampling sources for the general

public. To the extent that they accurately represent the non-registered population, such files
provide the researcher with the opportunity to use information in the files to guide the

sampling. For example, the non-registered and registered voters with lower turnout propensities

could be oversampled for research aimed at understanding the less engaged.

To assess how well the files cover the unregistered, the match rates and composition of the

matched cases was compared for panelists
who report being registered to vote and for
those who say they are not registered or are
not sure if they are registered. In Pew
Research Center surveys, respondents are
considered unregistered if they report not
being registered or express uncertainty about
their registration. Among members of the
American Trends Panel, those considered
unregistered are much less likely to have
been matched by the files. As noted in the
previous chapter on the matching process,
the match rates for the self-reported
unregistered varied from a low of 12% to a
high of 54%, depending on the vendor. Not

Pew Research Center standard voter
registration question
Which of these statements best describes you?

1. Are you ABSOLUTELY CERTAIN that you are registered to
vote at your current address [OR]

2. Are you PROBABLY registered, but there is a chance your
registration has lapsed [OR]

3. Are you NOT registered to vote at your current address?

Note: Respondents are considered to be registered only if they say
they are “absolutely certain” they are registered
“Commercial Voter Files and the Study of U.S. Politics”
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surprisingly, panelists who were certain about their lack of registration had the lowest rates,

ranging from 4% to 50% matched, with those who said they were probably registered but not
certain falling between the certainly registered and the certainly unregistered.
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The files collectively found far more of the unregistered than did any single file by itself. Two-
thirds of those who were certain that they were not registered were located by at least one of the

files, while 86% of those who said they were probably registered were matched. More than nine-

in-ten (96%) of the certainly registered group were found in at least one file. But differences in

match rates across the files were much greater for people in the two unregistered categories than

for those who were certain they are registered.

The collective results of the five
files provide evidence that the
unregistered are not completely
invisible to commercial files of
the sort examined in this study.
This is reinforced when
comparing the demographic and
political profiles of the registered
and the unregistered.

As a group, the matched
unregistered are similar to all
unregistered, perhaps somewhat
unsurprisingly since they
constitute about three-quarters of
the latter group. One difference
that stands out is that the

Matching the unregistered

Match rate among panelists who report not being registered to vote or
express uncertainty about their registration...

Registered
Absolutely
certain

%
File 1 87
File 2 84
File 3 78
File 4 78
File 5 61
Match any 96

Probably
registered

%
64
62
47
45
30

86

Not registered

Not
registered

%
43
50
33
30

4

68

Note: Among active panelists who provided a name. Weighted.
“Commercial Voter Files and the Study of U.S. Politics”
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Probably
registered or
not registered

%
50
54
37
35
12

74

matched unregistered are significantly more likely to identify as Republican or Republican-
leaning than are all unregistered panelists (and twice as likely to be Republican as the

unmatched unregistered). This anomaly is evident in the collective group (matched to any file),
as well as in each of the individual voter files. Research suggests it could be linked to the fact
that those who are matched and unregistered tend to be wealthier than the unmatched.
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Although the files
collectively cover a sizable
share of the unregistered,
the unregistered population
who are unmatched to any
of the files are quite
different with respect to age,
race and partisanship. Just
over half (53%) of the
unmatched unregistered are
younger than 30, compared
with 37% among those
matched to at least one file
(and 21% among all adults).
Half of the unmatched
unregistered (52%) identify
as Hispanic, compared with
just 21% among the matched
cases. And just two-in-ten
(19%) of the unmatched
unregistered identify as
Republican or Republican-
leaning, compared with 41%
of all unregistered.

Collectively, these results
show that, especially within
a group known to be harder
to match (the unregistered),
there are demographic
biases in the unmatched.
These biases largely echo
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Demographics of the matched and unmatched
unregistered

Men

Women

18-29
30-49
50-64
65+

White
Black
Hispanic
Other

College +
Some col
HS or less

Rep/lean
Dem/lean
DK/Ref/N

All self-reported
unregistered

Rep
Dem

o lean

N =

%
52
48

100

41
33
19

100

a7
13
29

100

14
29

100

41
53
5

100
371

Self-reported
unregistered and...
Matched to at Unmatched to all

least one file files
% %
49 58
51 42
100 100
37 53
34 32
21 12
8 3
100 100
56 22
13 13
21 52
9 12
100 100
14 15
28 32
58 53
100 100
49 19
46 73
4 8
100 100
292 79

Note: Among active panelists who provided a name. Weighted. Don’t know/refused
responses excluded from demographic variables. Figures read down.
“Commercial Voter Files and the Study of U.S. Politics”
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what we see in matching among the general public.
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3. Political data in voter files

Among the most important data on the voter files for the election analyst are the records for
whether or not someone is registered to vote and whether they voted in a given election. These
individual registration and turnout records come directly from records kept by each state for
every election. The turnout record indicates whether or not someone voted in a given election,
though it does not provide their chosen candidate or party. The registration record may include
which political party the individual is registered with (in states where voters can register by
party). When combined with other data in the voter file, it is possible to create a rich picture of
who is registered and who showed up to vote in previous elections.

In addition, while an individual’s vote history is readily available through the official voter
records in all 50 states and the District of Columbia, commercial voter files typically offer scores
for things like partisanship and expected turnout for future elections generated through
predictive models. This chapter will explore the availability and accuracy of political data on
voter files, both raw and modeled.

Vote history is largely consistent across the files

Election analysts greatly

lue th ilability of
vaie the avaliablity 0 The files agree on turnout among panelists matched in

turnout records for past . .
. . common - with one exception

elections. Being able to

) % recorded as having voted in each election

document turnout in

Turnout rate among each

different types of elections file’s matches Filel File2 File3 File4 File5
(e.g., presidential years and 2016 75 73 71 78 86
off-years) enables 2014 54 52 56 60 65
researchers to better 2012 67 66 68 4 [
understand how voters
Turnout rate among those
differ in motivation and matched to all five files
resources to participate. It 2016 87 88 81 87 88
is, of course, possible toask ~ 20%% 65 65 67 66 67
2012 76 79 80 79 79

survey respondents about

voting in past elections. But

11 t . th t Note: Among active panelists who responded to a post-election survey. Weighted. Turnout
pollsters recognize a rates for 2014 and 2012 reflect only those panelists old enough to vote in those years.
memories about events that “Commercial Voter Files and the Study of U.S. Politics”

occurred two or four years PEW RESEARCH CENTER

ago (or longer) are
potentially faulty, especially for respondents who are not especially interested in politics. Thus,
having accurate turnout records for individuals is an important asset of the commercial voter
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files. Even with direct access to state voter files, a researcher may not be able to document an
individual’s past voting behavior if they have changed their state of residence during the period
of interest.

One important caveat to consider with vote history is that, while the presence of a record of
voting almost certainly means that a person voted in that election, the absence of a record
doesn’t mean they definitely did not vote. The lack of a record could indicate that someone did
not vote, that the matched data has missed one or more election records for an individual or
even that the match is to the wrong person. Even when the match is to the correct person, the
voter record attached to that person in the commercial file may be out of date or otherwise
incorrect.

The situation is even more ambiguous for individuals who are not matched to a voter file. Since
voter files are built on a base of official state records and subsequently expanded with non-
official commerecial records, the absence of a match may indicate that the individual does not
have a state registration or voter record where he or she currently lives. This could imply that he
or she is not registered and therefore probably did not vote in recent elections. But this cannot
be said for sure, since failures to match can occur even when a state record exists (for reasons
discussed earlier).

In assessing turnout for the 2016 presidential election, there tends to be a fairly high degree of
agreement among the files on an individual’s vote history. This is likely because all the vendors
draw from the same state voter files as raw source material. This is especially the case for four of
the five files, which produce relatively similar turnout rates. Estimates in File 1 through File 4
range from a low of 71% who are listed as having voted in 2016 to a high of 78%. However, File 5
exists as an outlier. As the file with the lowest match rate, File 5 produces the highest estimate
for turnout in 2016, at 86%. While these turnout rates are in line with self-reported turnout on
the American Trends Panel, the turnout rates here are considerably higher than the known
turnout rate in each election. However, as noted in Chapter 2, politically engaged respondents
are more likely than less engaged respondents to be matched to the voter files. This leads to
higher estimates for turnout in each election.

To eliminate the variation in turnout rates produced by differences in match rates across
vendors, the turnout rates were computed for the roughly four-in-ten (42%) panelists who were
matched by all five files. Among these panelists, 85% have identical turnout records across the
five files (75% are recorded as having voted in all five and 10% have no record of a vote in all
five). At the aggregate level, turnout was 87% to 88% in four of the five files, but is 7 points
lower in File 3 (81% turnout). The reason for this exception is unclear.
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As with turnout in 2016, the vendors vary somewhat in their rates of voting for 2012 and 2014.
However, when restricting to the common set of matches between all five vendors, most of the
variability is eliminated (as it was for 2016): Turnout estimates for 2014 vary between 65% and
67%, and for 2012, between 76% and 80%. In this analysis, File 3 does not stand out as
exceptional, as it did with the 2016 vote.8

The fact that turnout rates for 2012 are considerably lower than for 2016 illustrates the difficulty
of accurately tracking voting records over time, even for organizations that have made it a very
high priority to do so. The actual turnout rate among voting-eligible adults for 2016 is estimated
at 60%, while the 2012 rate is just 1 point lower (50%). And yet, the 2016 turnout rate for the
panelists exceeded the 2012 rate by margins of 3 to 9 points across the five files. It is clear that
vote histories get lost as people move or change names, despite the best efforts of vendors to
build a complete history for those in its files.

8 The turnout calculations for 2012 and 2014 are adjusted to reflect the fact that some panelists in 2016 were too young to have voted in
the earlier elections.
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Survey error in reported turnout

One of the most common challenges facing survey research about elections is the tendency for
some people to say they voted when they did not. This phenomenon has received extensive
academic attention, and much of the research has relied upon surveys matched with validated
voter turnout data. For many people, voting is a socially desirable behavior because it conforms
to traditional notions of civic duty. Accordingly, there may be pressure for people to claim they
voted even when they did not. Previous research has documented that the incidence of

misreporting turnout is higher among people who value political participation and, as a group,
may already have higher rates of turnout. Voter files have greatly aided researchers’
understanding of error in the measurement of voter turnout.

As expected, the rate of self-reported turnout in 2016 exceeded the voter file estimates among

matched panelists in all

five voter files. The About one-in-ten panelists reported voting in 2016,
overestimate of turnout but no turnout record could be located for them
ranged from 4 Turnout among those matched by each voter file
p?rcentage po'lnts '1n - Self.reported
File 5 to 13 points in File turnout
3- File 1 ?)4%

| B e A Lo
Yet unlike most studies Flle 2 O
that have examined e N I 21 N Y S

; . Flle 3 O

overreporting of voting, ol LT
which typically use a File 4 %’3

Single source Of VOteI' .......................................................................................................
validation, Pew File 5 O
Research Center has five ' ' [

sources for evidence of

A A

turnout and thus can be National turnout rate 60% 77% Self-reported
. based on total vote turnout rate
more confident that among all

failures to match or panelists

. d k . Source: Based on citizen respondents to 2016 post-election wave of the American Trends
€ITOrS 11 record-keeping Panel who provided a name. Weighted

by a single source might “Commercial Voter Files and the Study of U.S. Politics”
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conclusions about an
individual’s turnout. If researchers are confident of the accuracy of the matches for an
individual, a record in one file that they voted is strong evidence even if other files provide no
record of voting.
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Panelists were interviewed shortly after the 2016 election about their participation in the

election and asked whether and for whom they voted. The self-reported turnout rate among

panelists (restricted to citizens) was 77% (weighted) — 17 percentage points higher than the

estimated turnout rate among the entire voting-eligible population.

This overestimate of turnout is likely a
consequence of three different factors. One is
(as discussed above) misreporting by
respondents, driven by the desire to appear
more engaged or perhaps by a respondent’s
impression of one’s self as a dutiful citizen
who usually votes. Another is that the
survey’s sample includes people who are
more politically engaged than the typical
American. The third is that being surveyed,
and especially being in a panel with regular
surveys, might stimulate a respondent’s
interest in politics and potentially motivate
them to vote. Warren Miller, a renowned
political scientist who was a coauthor of the
seminal research on elections, “The American
Voter,” once said that the American National
Election Study was “the most expensive voter
mobilization project in American history”
because it appeared to have motivated many
of its respondents to vote when they might
otherwise have not done so.

The voter files provide excellent evidence
about the first of these explanations —

Nonvoters who said they voted
supported Clinton at higher rates than
validated voters

% among each category

Validated
Validated non- Over-
voters voters reporters Total
Male 45 48 56 47
Female 55 52 44 53
White, non-Hispanic 74 52 54 66
Black, non-Hispanic 10 13 17 12
Hispanic 10 21 17 13
Postgrad 14 4 10 11
College grad 22 7 15 18
Some college 34 35 30 34
High school or less 30 55 45 37
Hillary Clinton 48 - 56 49
Donald Trump 45 - 35 43

Source: Based on citizen respondents to a post-election survey.
Corrected for questionable matches. Underreporters not shown but
are included in totals. Results are weighted. Self-reported vote
choice excludes those who reported voting for a candidate other
than Trump, Clinton, Johnson or Stein, or were undecided or refused
to answer.

“Commercial Voter Files and the Study of U.S. Politics”
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misreporting by respondents. Self-reports of turnout can be compared with the verified record

of voting to estimate the extent of overreporting and the characteristics of those who overreport.

To do this, researchers used a composite estimate of turnout based on records in all five files. If

any file included a record of turnout for the panelist, it was assumed that the panelist voted,
even if other files did not find a voter record. If a matched panelist had no record of voting in

any file, that person was considered a nonvoter. But because there were five vendors looking for

panelists, researchers made the additional assumption that unmatched panelists were also

nonvoters. The validity of this assumption depends on the accuracy of the matches.

Consequently, before implementing this step, researchers evaluated the quality of the matches

by comparing the name and address of each panelist with the name and address on the voter file

www.pewresearch.org



http://www.pewresearch.org/
http://www.electproject.org/2016g

25
PEW RESEARCH CENTER

record that matched to it. Matches judged to be possibly incorrect because of inconsistencies in
the name or address were considered unmatched for purposes of this analysis.?

To review, if any file included a record of turnout for the panelist, it was assumed that the
panelist voted, even if other files did not find a voter record. All other panelists were considered
to be nonvoters. This is based on the fairly strong assumption that panelists who could not be
located and verified as a voter in any official voter file by five different commercial vendors can
be assumed to have not voted.

Using this approach, the voter file verified turnout rate among the panelists was 65%, 5
percentage points higher than the best estimate of national turnout among eligible adults. One
percent among the 65% are panelists who said they didn’t vote but have a record of doing so.
This small group of fewer than 20 individuals may have accidentally selected the wrong option
on the survey, or there could be an error in the official turnout record. About one-in-five
panelists (22%) are validated nonvoters (respondents who said they didn’t vote and for whom
no record of voting exists).

The remaining group consists of the overreporters. These are the 12% of all voting-eligible adults
(citizens who are 18 years of age or older) who said they voted but for whom no record can be
located across five voter files. Demographically, these individuals are more male than female
(56%-44%), disproportionately black and Hispanic (17% each, compared with about 10% each
among validated voters), much more Democratic than Republican in party affiliation and more
supportive of Hillary Clinton than Donald Trump (56% Clinton, 35% Trump vs. 48% to 45%
among verified voters). They are much more likely than validated nonvoters to say they “always”
vote (44% vs. 5%) and that they follow what’s going on in government and politics most of the
time (36% vs. 13%).1°

Having a validated measure of who voted and who did not makes it possible to assemble a more
authoritative portrait of the electorate in 2016. As post-election analysis has demonstrated, the
composition of the 2016 electorate is important in understanding Donald Trump’s 2016 election
victory, and — more broadly — what kinds of changes may be occurring in the U.S. political
system.

2 In the majority of the report, Pew Research Center accepted the data provided by the vendors as it was given and did not attempt to
correct the data for possible mismatches. More detail about the process used to check the accuracy of the matches and our rationale for
doing so here can be found in the Methodology.

10 The overreporting group shares many similarities with those who fail to match any of the voter files, so it is possible that some genuine
voters can be found among the unmatched and that the estimates here misclassify them, leading to biases in the analysis. But five
vendors looked for these individuals and could not find them on any state voter files.

www.pewresearch.org



http://www.pewresearch.org/

26
PEW RESEARCH CENTER

Demographic profile of 2016 general election voters

CPS voting  Self-reported v‘;?:;lia:::y ----- Validated voters in - - - --
NEP exit poll supplement voters voter file)* Filed File2 File3 File4 File5

% % % % % % % % %
Men 47 46 47 45 45 46 42 43 42
Women 53 54 53 55 55 54 58 57 58
White, non-Hispanic 71 74 71 74 74 74 75 73 75
Black, non-Hispanic 12 12 11 10 10 11 13 11 11
Hispanic 11 9 11 10 9 9 6 9 9
18-24 10 8 8 7 6 6 6 6
25-29 9 7 8 7 6 7 7 6
30-39 17 15 18 17 16 16 17 16 16
40-49 19 16 14 14 14 14 14 14 14
50-64 30 29 29 29 30 30 29 30 30
65+ 16 24 25 27 28 28 27 28 31
Postgrad 18 15 13 14 14 14 14 14 14
College grad 32 25 21 22 23 22 23 23 23
Some college 32 31 33 34 32 33 32 33 32
High school or less 18 30 32 30 31 30 32 30 31
White, college grad 37 31 28 30 30 30 29 30 31
White, no degree 34 42 43 45 45 44 46 44 44
grc;réwhite, college 13 8 6 6 7 7 7 7 7
Nonwhite, no degree 16 18 22 19 18 19 18 19 18
Vote choice Official results™
Hillary Clinton 48 - 49 48 48 48 48 49 49
Donald Trump 46 - 43 45 45 45 46 45 45
Gary Johnson 3 - 5 5 5 5 5 4 4
Jill Stein 1 - 2 2 2 2 1 2 2

* “Validated voters (any voter file)” are those found to have voted in any of the five vendor files. Unmatched cases are coded as nonvoters for
a given file. “Possibly incorrect” matches are considered unmatched for a given file in this column (see Chapter 3 for details about verification
of matches). Panelists who failed to provide a name and were thus not matched are excluded. ATP data are weighted.

“The NEP exit poll does not release topline vote totals but is weighted to official results. The Current Population Survey does not ask
respondents who they voted for. Don’t know responses not shown.

Sources: National exit poll conducted by the National Election Pool (“NEP exit poll”); Voting and Registration Supplement, Current Population
Survey, November 2016 (“CPS voting supplement”); American Trends Panel November 2016 wave (W23) self-reported voters for “Self-
reported voters” and validated voters for each of Files 1 to 5 (“File 1” through “File 5”).
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Analysts have generally relied upon three main sources of data on who votes. One is the
National Election Pool’s (NEP) exit poll, which provides estimates of the voting patterns among
different groups in the population. Another is the U.S. Census’ Current Population Survey (CPS)
supplement on voter registration and turnout, conducted shortly after the general election. A
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third is the set of independent surveys such as the American Trends Panel and the American
National Election Study.

The NEP’s exit poll has been criticized for overrepresenting younger, college educated
individuals and minorities. The CPS survey finds an electorate that is less educated and more
likely to be white, as do many independent surveys.

The American Trends Panelists who self-identify as having voted in 2016 looks very much like
the CPS electorate, especially with respect to the critical category of non-college whites. The ATP
sample of self-reported voters is 43% non-college white, about the same as in the CPS survey,
and just 34% in the exit poll. But the ATP self-reported voters supported Hillary Clinton by a six
point margin, 49% to 43%. Restricting the sample to those who are validated as having voted in
at least one of the voter files does not change the composition of the sample very much (though
the share of white non-Hispanic voters rises from 71% to 74%), but the vote margin now
approximates the actual election result, 48% Clinton to 46% Trump.

Using just the matches in each of the voter files produces similar results with respect to the
horse race. Compared with reported vote choice among all matched panelists in each file who
said they voted, the Clinton advantage over Trump among validated voters in each file was
narrower. Clinton’s advantage varies from 2 to 4 points across the five files (versus 3 to 6 points
among all self-reported voters matched by in each file).
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Self-reported voter registration status is murkier than voter turnout

Compared with voter turnout, voter registration is a much more problematic measurement issue
for survey researchers. The fact that voter registration is a status rather than an activity means it
is something that can be difficult to remember accurately. For one, the typical person registers
to vote much less often than they turn out to vote. For people who vote rarely or never, their
registration is largely an abstraction — an administrative status maintained by their state’s
election authority without input from the individual. If someone registered to vote nine years
ago but hasn’t voted in five, are they still registered to vote? Without a call to the local election
office, it would be hard for them to know.

In addition, there are a number of different ways states handle their voter registration
databases. For example, states periodically clean voter registration data, either because someone
is believed to have moved or they have not voted over a period of time. So if a voter stays at the
same address for many years and is able to maintain their registration, either through periodic
voting or because their state allows registrants to remain on the file without voting or
confirming their continued residence, their most recent act of registration is long in their past.
This adds a source of error for voters answering questions about their registration in that they
may simply not know with certainty if they are registered.

The abstraction of voter registration in a survey respondent’s mind, however, does not mean
that his or her voter registration cannot be validated. If a state voter file contains a record of the
respondent at their current address, then the respondent is definitely registered to vote. After
all, the state voter file is the authoritative source of data used on Election Day to check in voters.

Ambiguities occur when a voter claims to be registered but no record matching their current
address can be found on the voter file. The lack of a matching record is not proof that the person
is not registered. In some localities, voters who have moved can vote as long as they haven’t
changed voting districts. Others may choose to vote in their old precinct, using the registration
attached to their previous address. College students are able to vote in some states where they
attend school, but that may not reflect their permanent address.

Another possibility for why voters who report being registered do not have a corresponding
record is that the respondent was not able to be matched to the commercial voter file at all. This
could be due either to errors on the voter file or in the personally identifying data provided by
the respondent, preventing an otherwise valid registration from being found. In light of these
possibilities, care should be taken when assessing the registration status of seemingly
unregistered respondents.
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Survey error in reported registration

The problematic nature of measuring voter registration is evident in the mismatch between the
voter file data and responses from the American Trends Panel participants. Panelists are asked
periodically about their registration status using the three-category question described earlier in
the report. Survey responses about registration were compared with registration status from the
voter files. For the purpose of this analysis, due to the complicated nature of voter registration as
discussed above, survey respondents with possibly incorrect matches were flagged as
unregistered, unless a valid registration record was located on at least one other file.

A registration record was located on at least one matched voter file for 89% of panelists who
expressed certainty that they are registered. Half (50%) of those who were uncertain about their
status (and who are considered unregistered in our normal survey protocol) had a registration
record on at least one file. Even 34% of those who said that they are not registered had a
registration record on at least one of the files.

Because some official registration records

themselves may be out of date, the survey
measure may not be as problematic as it
appears here. For example, someone who has

Some survey responses on registration
appear unreliable

% with registration record on the voter file among self-

. . . reported registration status
moved may have a valid registration record at P g

. Probabl
a previous address — perhaps the source of Absolutely regi:t)elld!{)ut
_ certain chance has
the voter file match — but be unsure as to registered lapsed . Not registered
whether they are registered at their current Registered on
o . . at least one
address. But it is clear that registration status fie 89 50 34
is a murkier concept to capture in a survey. No record 11 50 66
Total 100 100 100

Note: Based on citizen respondents to 2016 post-election wave of
the American Trends Panel who provided a name. Corrected for
potential mismatches.
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Modeled
partisanship is
correct for a majority
of cases

There are traditionally two
types of partisanship
classifications available in
voter files. The first is party
registration. However, since
this is not available in all
states, voter file vendors
attempt to model
partisanship based on
demographics, voter turnout
and other factors. While
each of these models is
different, four vendors
provided a modeled score
that ranges from 0 to 100,
where 0 is most Republican
and 100 is most Democratic.
One vendor, however,
simply categorized panelists
by party.

In all, files that provided a
modeled 0 to 100 score did a
better job of correctly
classifying the partisan
affiliation of panelists
against their self-reported
partisanship. In particular,
Files 1 and 2 performed
relatively well at correctly
classifying voters (76% and
73% correctly classified
respectively). File 4 had the
lowest share of panelists
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Most respondents’ party affiliation correctly classified

Among matched cases, percent...

With party listed: 100%

Incorrectly
Correctly classifled classified
File1 76% 24%
99
File 2 73 26 1
100
File 3 63 37
95
Flle 4 59 36 5
87
File 5 63 24 12
Among those with party available, % in each file
who are correctly identified
Among self-described Rep/lean Rep ... Among Dem/lean Dem
70% 85%
File1 70% of those who say
they're Republicans
are listed as 69 81
Flle 2 Republicans in File 1. O Q
62 65
Flle 3
o0
File 4 S >
File 5 &85

Note: Among active panelists who provided a name and matched each file. Weighted.
Percent correctly identified among Independent/no lean category omitted due to small
sample size. Percent correctly identified among Independent/no lean category omitted due
to small sample size. Weighted.
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correctly classified (59%), due in part to a higher than average share classified as independent in
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this model. Two-in-ten American Trends Panel members (20%) matched to File 4 are classified
as politically independent, compared with just 3% who self-identify as not leaning towards
either party.

In general, all of the files were able to identify Democrats at a higher rate than Republicans. But
three vendors stood out in this regard. File 1 correctly identified 85% of Democrats and 70% of
Republicans, while File 2 correctly identified 81% of Democrats and 69% of Republicans. And
while File 4 had lower rates of accurate identification overall, it, too, was better able to identify
Democrats (68% correctly identified) than Republicans (55% correct). The fact that a large
majority of blacks identify as or lean Democratic contributes to the higher accuracy rate for
Democrats than Republicans.
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Modeled turnout scores improve the accuracy of election estimates

Predicted voter turnout is one of the most commonly available and widely used modeled
measures. Vendors attempt to model each person’s likelihood of voting in a given election — be it
primary, midterm or presidential. Pollsters use this information in building likely voter models,
and campaigns use it to allocate resources for mobilization or persuasion. While turnout models
are based on voter turnout in previous elections, some also include demographic information
and partisanship in the model in an attempt to more accurately predict likely voting behavior.

Modeled turnout scores are typically treated as probabilities and are offered on a 0 to 100 scale,
with o0 being the least likely to turn out to vote in a given election and 100 being the most likely
to vote. (File 3 did not provide a turnout probability.) Each vendor has its own “secret sauce”
that goes into their model. As a result, while all of the models follow a similar 0 to 100 scale,
each scale has a different mean and distribution.

To assess the accuracy of the turnout predictions for the 2016 general election, panelists
matched by each vendor were sorted by their predicted likelihood of voting into four groups of
equal size, referred to here as quartiles. Within each quartile, the average turnout score — the
mean of the predicted probabilities for that group — can be compared with the percentage of the

Turnout models more accurate with higher turnout voters

% of each category who was predicted to vote/actually voted

Predicted likelihood

of voting, by quartile File 1 File 2 File 4 File 5
fiit 51% Predicted 20 21 54
Actual | 57| 68| 74
87 87 60 83

Second 85 o 95

hgsat T EETE T 98

Note: Among active panelists who provided a name and matched each file. Weighted. Panelists were sorted by their turnout score and places
into one of four groups of equal size (quartiles) ranging from lowest to highest turnout propensity. Among files that provided a turnout score
scaled from O to 100. A turnout prediction was provided by File 3, however it was not a propensity score and could not be compared in this
analysis.
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group that actually voted. If the predictions are perfectly accurate, the mean of the predicted
probabilities and the percentage who voted will be about the same.

The vendors varied somewhat in the accuracy of their turnout predictions. For three of the four,
predictions about turnout among the quarter of the sample rated least likely to vote tended to
underestimate the true turnout rate. For example, the average predicted probability of turning
out for the lowest quartile in File 4 was just 27%, but among this group 68% actually voted. Two
other files (File 2 and File 5) also underestimated actual turnout in the lowest quartile. By
contrast, the average predicted turnout for the lowest quartile in File 1 was 51%, and the actual
turnout was nearly the same, at 47%.1

Most of the vendors did better with their predictions among voters judged as highly likely to
vote, though one of them (File 4) substantially overestimated the share in the highest quartile
who would vote.

Since these scores can be used to predict who will turn out to vote, they can also be judged by
how well they modeled the outcome of the election among those who did vote. Using a technique
similar to that employed by pollsters to create

a “likely electorate” among respondents to a . .
Vote margin varies by model

Self-reported vote choice margin weighted by each
turnout model

pre-election survey, panelists who responded
to a post-election survey were weighted by
their pre-election likelihood of turning out to

vote in 2016 (along with the usual survey Trump Clinton  Margin
. . . All self-reported
weighting on demographic and related voters 43 50 C+7
characteristics). Election outcome 46 48 C+2
File 1 45 48 C+3
While self-reported voters in the panel as a File 2 45 48 C+3
. o o
group gave Clinton a 7-point advantage (50% ., 5 46 49 c+3
for Clinton vs. 43% for Trump), weighting the
437 p), weighting File 4 45 49 C+4
results by the expected turnout scores from
File 5 45 49 C+4

each file produced a result closer to the actual
Note: Among active panelists who provided a name and matched
each file and have a record for voting on that file. Self-reported vote
Clinton advantage in the national vote. All the  choice excludes those who reported voting for a candidate other

. . than Trump, Clinton, Johnson or Stein, or were undecided or refused
files came close to the actual vote, showing to answer. Weighted.
either a3-ora 4-p0i1’1t Clil’ltOI’l advantage. “Commercial Voter Files and the Study of U.S. Politics”
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election outcome, which was a 2-point

11 Politically engaged individuals are somewhat more likely than others to join the panel. That fact should be reflected in the modeled
estimates for each panelist. But participating in the panel may itself increase panelists’ propensity to vote. Consequently, the scores
produced by vendors might underestimate the likelihood that panelists will turn out to vote.
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4. Demographic data

As use of commercial voter lists by campaigns and public opinion researchers has grown, data
offerings provided by voter file vendors have expanded. On top of standard political offerings,
many vendors now provide a host of additional demographic and lifestyle data generated
through predictive models or gathered from other sources. This chapter compares demographic
data in the voter files with self-reports from panelists.

Predictive models leverage data from a mix of third-party commercial vendors and survey data
to try to predict a number of characteristics, ranging from a person’s race to educational
attainment. However, for some modeled variables, much of the underlying information is
available only in a portion of states. For example, vendors rely on a mix of information from
voter records and additional data to predict an individual’s race or ethnicity. In 16 states or
portions of states, largely in the South, the Voting Rights Act of 1965 mandated that states list
voters’ race on the state voter rolls. However, in states where this information is not available,
vendors attempt to use information from other sources such as identifying common surnames
or if someone lives in an area that is densely populated by a particular race.

In addition to state voter records and commercial data, some voter file vendors use survey data

to enhance and build their models. Partisan vendors, in particular, often feed survey data from
partner organizations into the models to improve their accuracy.
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Race and ethnicity are generally well measured in the files

Given the central importance
of race and ethnicity in
American politics, voter file
vendors attempt to identify
the race of the individuals in
the file. Vendors may use
race as recorded on state
voter records in places where
the states are required to
collect it. In other locations,
race may be modeled using
information like surname or
geographic concentration.

The modeled race and
ethnicity of panelists was
compared with how panelists
described it when they were
recruited to the panel (or in
subsequent profile surveys).
Overall, most vendors are
able to accurately identify the
race of white respondents,
with rates of correct
identification varying
between 81% for File 3 to
97% for File 2. However,
when it comes to accurately
identifying the race of self-
reported black and Hispanic
panelists, some vendors are
more accurate than others.

Among panelists who self-
report being black in a survey
measure, roughly three-
quarters in Files 2 and 5
(74% in File 5 and 76% in

Voter files do much better than chance in assigning
race and ethnicity

Among matched cases, percent...

File 1

File 2

File 3

File 4

File 5

File 1

File 2

File 3

File 4

With race listed: 96%

Correctly classifled

79% 17% 4%
98
85 13 P
100
74 26
92
78 14 8
92
80 12 8
Among those with race available, % in each file
who are correctly identified Among

Among self-described

blacks ... whites ...

56% 95%

56% of those who say O QO

- they're black are listed i

as black in File 1. :75 9:7

67 81
O QO

66 96

O QO

74 96

C Q

File 5

Note: Among active panelists who provided a name and matched to each file. Weighted.
“Commercial Voter Files and the Study of U.S. Politics”
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File 2) are correctly classified as black by the respective models. However, the model in File 1
identifies far fewer black panelists accurately (56%).

In classifying self-reported Hispanic panelists, there is less of a difference across the files,
ranging from a low of 64% of Hispanics correctly classified in File 3 to 75% in Files 1 and 5.

Overall, the rate of correct classification by race ranges from 74% for File 3 to 85% for File 2.

Other demographic variables vary greatly in accuracy

In addition to information provided by state voter rolls, many voter file vendors include
information from other public and commercial data sources. This data could originate from a
variety of sources, such as from magazine subscriptions or credit bureaus, with the goal of
providing additional information about Americans beyond what is available directly from state
voter lists.

The presence of commercial data in voter files is widespread; however, the specific variables
available differ by vendor. Many vendors possess financial data from credit bureaus or credit
card companies, including things like home price and mortgage amount. In addition, some
vendors provide information like occupation, income and the number of adults or children in a
household. The presence of hunting or fishing licenses is one of the most ubiquitous commercial
variables.

This commercial data also presents itself in several ways. Some of these variables stand alone as
flags, such as the presence of a hunting license, while others are included in models to predict
particular outcomes or demographics. For example, several vendors provide models for personal
interests like being a gun owner or a boating enthusiast — information that is modeled based on
sources such as magazine subscriptions.

An analysis of three of the more commonly available commercial variables — education, income
and religious affiliation — shows that some models are more accurate than others. Overall, most
vendors had a higher rate of accuracy in predicting education than income. When it comes to
religious affiliation, vendors for the most part correctly predict large religions in the U.S. such as
Protestantism but have less success with lower incidence religions like Buddhism.
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One common issue across
many of the models is the
preponderance of missing
data, with large portions of
matches listed as
unclassified on some
variables. For example, in
assessing models produced
to predict educational
attainment, more than half
(57%) of matches in File 4
and one-quarter (25%) of
matches to File 5 are listed
as unclassified.

However, when those
missing an estimate for
education are excluded,
many of the models have a
reasonably high rate of
correctly classifying
panelists with their self-
reported education status.
Fully six-in-ten or more
college graduates are
correctly classified as having
graduated in college in Files
1, 4 and 5.12
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Voter files vary greatly in success at coding
educational attainment

Among matched cases, percent...

With education listed: 83%

Missing
Correctly classified education
re1 IS 21 17%
99
The majority (57%) of matched cases
43 in File 4 were missing education.
75
ies IS0 s 25

Among those with education available, % in each file
who are correctly identified
Among self-described college grads
56%

Flle 1. 56% of those who say e ———
.................. teyrecollegs graduatss [ E—— 80
File 2 are listed as college P
graduates in File 1. .
. 69
File 4 — )
65
File 5 ®:
0% 25 50 75 100

Note: Among active panelists who provided a name and matched to each file. Weighted. File
3 did not produce an education estimate.
“Commercial Voter Files and the Study of U.S. Politics”
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12 File 3 did not provide a measure of educational attainment.
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Household income may be the most difficult of the demographic variables to assess. The

accuracy of survey measurements of income can be affected by many factors, including a

respondent’s lack of
knowledge (respondents are
typically asked to recall total
household income from a
previous year). Additionally,
income is a sensitive topic,
and survey respondents are
more likely to decline to
provide their income than
with other demographic
variables. It is perhaps
unsurprising that modeled
income in the files — even
where provided — does not
match survey reports of
income very closely. Overall,
the four files that provided
an estimated income
corrected placed only 30%
to 46% respondents into one
of four categories.

The files had trouble
classifying both high- and
low-income respondents.
Four-in-ten or more who
self-report having an income
of $100,000 or more are
correctly classified by File 4
(41% correctly classified)
and File 5 (45%). And
roughly one-third of the
self-reported lowest-income
adults (under $30,000

Income modeling is imprecise

Among matched cases, percent...

With income listed: 83%

Missing
Correctly classified income
Fie1 NS 52% 16%
99
75
98
Among those with income available, % in each file
who are correctly identified.
Among those with household income of ...
$75K-$99,999 $100K+
12% 31%
File 1 O (O () 50% $30K-$74,999
o T B R
Flle 2 e O
File 4 %::l _‘g- % 71% of those with income
T Oof $30K-$74,999 eamn
Flle 5 6{_ 45 52  thatamountin File 2.
0 25 50 75 10

Note: Among active panelists who provided a name and matched to each file. Weighted. File
3 did not provide an income estimate.
“Commercial Voter Files and the Study of U.S. Politics”
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annually) are correctly classified by each of the four files that reported income.
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Models used to predict religious affiliation
vary considerably in the rates of correctly
classified panelists. To be sure, all models
do best at accurately predicting
Protestants, the largest religious group in
the United States. In Files 1, 4 and 5, about
three-quarters (72%, 77% and 75%
respectively) of self-identified Protestants
are correctly classified. File 2 correctly
classifies roughly six-in-ten (62%) of
Protestants. (As a baseline, slightly less
than half of Americans currently identify as
Protestant.)

Within the smaller religious groups in the
U.S., some are more likely to be correctly
modeled than others. For example, most of
the files do a better job of correctly
classifying Hindus than of classifying
Buddhists, even though both groups are
roughly equally rare in the U.S.

The files do not attempt to categorize
people who are unaffiliated with a religion,
but their residual category of “unclassified”
provides evidence that some individuals
are not religiously identified. Overall, the
unclassified group varies from 5% to 21%
across the files. But these unclassified
individuals are not necessarily the
religiously unaffiliated — just 28% of those
who are unclassified in File 1 are people

Religious affiliation

Among matched cases who self-identify as religiously
affiliated, percent...

Filel File2 File3 File4 File5

Religion from file % % % % %
With religion listed 100 99 100 76 61
Correctly
classified 61 54 56 49 39
Incorrectly
classified 39 46 44 27 22
Missing religion 0 1 0 24 39

100 100 100 100 100

Among those with religion available and who self-identify as
religiously affiliated, % in each file who are correctly
identified.

Filel File2 File3 File4 File5
Self-identified

religious affiliation % % % % %
Among
Protestants...(1,790) 72 62 67 77 75

Among Catholics...(726) 49 47 46 51 46

Among less common
regions... (444) 29 24 30 25 41

Note: Among active panelists who provided a name and matched to each
file. Weighted. Sample sizes in parenthesis.
“Commercial Voter Files and the Study of U.S. Politics”
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who identify in the panel as atheist, agnostic or “nothing in particular,” and this rises to 36%

among those File 2. Given that nearly one-quarter of adults are religiously unaffiliated, the

residual category of “uncategorized” does not do a particularly good job of finding them.
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The total percent who are correctly classified, including those who are missing or unclassified
for a given variable, provides a comparison among various modeled demographics. Many of the

files were able to correctly classify a high

share of panelists to their self-reported
religion. Still, several files stood out,
particularly the file with the lowest match
rate (File 5), for being able to correctly
classify sizeable shares of respondents’

education and income. N
0

Race and

ethnicity 79
Education 62
Income 31
Religion 61

Match rate 79

%

85
66
46
54

7

%

74

56

69

%

78
27
30
49

69

Filel File2 File3 File4 File5

%

80
50
40
39

50

Accuracy of demographic modeling varies
by measure and by file

Among all matches, including missing data, % who are
correctly classified

Average
%

79
51
37
52

69

Note: Among active panelists who provided a name and matched to each
file. Weighted. Missing data included in correct classification rate.
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5. Voter files in action

Commercial voter files have been used in a wide variety of ways, either by themselves or in
conjunction with other data. Although such files have been employed by political campaigns for
many years, their use by journalists and others interested in elections has increased recently as
familiarity with the files has grown and the ancillary data available on the files has expanded.

Perhaps the most widespread use of the voter files is to help political practitioners more
effectively and efficiently engage with potential voters. Political campaigns make use of the files

to identify potential supporters and to communicate with them, either to influence their
candidate choice, mobilize them to turn out to vote, or both. Groups organized around specific
issues such as gun rights or access to abortion use the files in similar ways.

Pollsters increasingly use voter files to draw samples for their surveys. Voter files have long been
used for sampling by pollsters working for political campaigns, but their use is growing among
public and media pollsters as well, as evidenced in the November 2017 statewide elections in

Virginia, where a majority of publicly released polls relied on voter file samples. Sampling from
voter files is a more efficient way of reaching likely voters than other sampling methods such as
random-digit dialing (RDD), though the fact that phone numbers are not available for everyone
on the voter file can introduce errors. And information about past voting available on the files is

useful in helping pollsters make more accurate predictions about who is likely to turn out in an
upcoming election. Although the files have not been widely used as sampling sources for general
public surveys, it is possible that they could be in the future if coverage of the unregistered
population improves.

A third use of voter files is by journalists, academics and other election analysts who employ the
files to answer specific questions about voters and elections. These include the demographic

composition of the electorate, what kinds of voters tend to vote early or by absentee ballot, who

votes in primary elections and what kinds of people are habitual vs. episodic voters. This chapter
takes a closer look at several of these applications of voter files for improving our understanding
of political attitudes and behaviors.

Voter files as sampling frames for surveys and experiments

Political campaigns have long used voter files as sampling frames for their election-related
polling, but public pollsters have recently begun to adopt them as well. Of the nine pollsters that
released surveys conducted in the final nine days before the 2017 Virginia gubernatorial election
and made their sample source public, seven used a voter file and only two used RDD.

www.pewresearch.org



http://www.pewresearch.org/
http://www.eitanhersh.com/uploads/7/9/7/5/7975685/review_kreiss_presspolitics.pdf
https://www.politico.com/story/2017/10/31/virginia-governors-polling-northam-gillespie-244362
https://www.politico.com/story/2017/10/31/virginia-governors-polling-northam-gillespie-244362
http://www.pewresearch.org/2016/01/07/can-likely-voter-models-be-improved/
http://www.nytimes.com/2016/06/10/upshot/there-are-more-white-voters-than-people-think-thats-good-news-for-trump.html
http://www.nytimes.com/2016/06/10/upshot/there-are-more-white-voters-than-people-think-thats-good-news-for-trump.html
http://www.msnbc.com/msnbc/what-does-floridas-early-vote-mean-the-gop
http://www.people-press.org/2016/01/28/2012-republican-primary-voters-more-conservative-than-gop-general-election-voters/
http://www.people-press.org/2016/01/28/2012-republican-primary-voters-more-conservative-than-gop-general-election-voters/
http://www.people-press.org/2017/09/14/how-drop-off-voters-differ-from-consistent-voters-and-non-voters/
https://www.realclearpolitics.com/epolls/2017/governor/va/virginia_governor_gillespie_vs_northam-6197.html

42
PEW RESEARCH CENTER

Voter files were also the predominant source of telephone samples for state-level public polling
in the 2016 presidential election. The Ad Hoc Committee on 2016 Election Polling, created by
the American Association for Public Opinion Research (AAPOR), compiled a database of 206
statewide pre-election polls completed within the last 13 days before the election. The source of
the sample (whether RDD, voter file or internet) was coded. Of 206 state polls in the database,
62% were based on telephone interviews or a hybrid of telephone and online. Of these phone
polls, 80% used a voter file as a sample source.

Voter files are attractive as sources of samples because they provide good coverage of the
population of interest (registered voters in the case of election polling) while largely excluding
individuals who are not eligible to vote. Since most campaign polling occurs within defined
geographies such as a state or a legislative district, voter files make targeting the voters of
interest much more efficient than is the case with RDD, especially now that cellphones
constitute large shares of the typical RDD sample and cellphone area codes and exchanges are
not reliable indicators of where a person actually resides.

Another important benefit of using voter files for sampling is that they contain information
about past voting behavior as well as partisan registration or estimates of party affiliation. This
information permits a pollster to better target likely voters by including more individuals in the

sample who have a proven history of voting in elections similar those of interest to a pollster.
Similarly, the inclusion of measures of modeled party identification helps pollsters to draw
samples that reflect the population of interest, whether it is all registered voters or those who
have a high propensity for voting.

One of the downsides of using voter files for telephone polls is that telephone numbers are not
available for everyone on the voter file. Among members of the American Trends Panel matched
to the commercial voter files in this study, the percentage of matched cases for which a phone
number is available from the vendor varied between 55% and 91%. Older adults are more likely
than others to have a phone number on a given file, though the availability of numbers did not
vary as much across other demographic variables.

Political scientists and political practitioners alike have made extensive use of voter files for
selecting and assigning research subjects in experiments. One recent academic publication
describes an ambitious field experiment by David E. Broockman and Daniel M. Butler that

enlisted state legislators to help test the impact of different messages in official communications
with constituents. Legislators who agreed to cooperate with the study allowed the researchers to
vary the issue-related content of mailings to voters in their districts, who were selected from a
commercial voter file and randomly assigned to different experimental conditions. Using
surveys conducted before and after sending the mailings, the researchers found that “legislators
can shape constituents’ views on issues by merely staking out their positions. The constituents
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who received letters containing legislators’ positions were significantly more likely to
subsequently share their legislators’ view.”

Describing the electorate

On June 9, 2016, The New York Times published an analysis by Nate Cohn that argued that
“millions more white, older working class voters went to the polls in 2012 than was found by exit
polls on Election Day.” This finding led Cohn to a somewhat surprising conclusion about Donald
Trump’s electoral prospects, given Hillary Clinton’s consistent lead in national polls at the time:
“There’s more room for him to make gains among white working-class voters than many
assumed — enough to win without making gains among nonwhite or college-educated white
voters.” In fact, Cohn’s analysis described how Trump was able to find a narrow path to victory
on the support of non-college white voters in key states.

The New York Times analysis was based on a combination of data from surveys conducted by
the U.S. Census and from Catalist, a commercial national voter file. The key datum of interest
was the share of voters who were older non-college whites: “Over all, the exit polls suggest that
23 percent of voters in 2012 were white, over age 45 and without a college degree. Catalist puts
this group at 29 percent, and the census at 30 percent — implying 10 million more voters than
the 23 percent figure.”

According to Cohn, if there were this many additional older, non-college white voters, President
Obama must have done better with this group than is generally assumed, especially outside the
South. The implication is that these voters were potentially available to Trump, who was making
explicit appeals to them. Post-election analysis of polling data by The New York Times suggests

that Trump was able to capture enough white 2012 Obama voters to win in the critical states of
Wisconsin, Michigan and Pennsylvania.

Identifying the political affiliation of ... just about anyone

Commercial voter files can be used to describe political engagement and affiliation among
almost any group of individuals, as long as their names and locations are publicly available.
Political scientist Eitan Hersh and his colleagues have used voter files to describe the political
characteristics of professionals such as physicians, members of the clergy and even married

couples. For the clergy study, Hersh and his colleague Gabrielle Malina compiled a database of
186,000 Christian and Jewish clergy from websites of congregations across the U.S., of whom
130,000 could be matched to a commercial voter file. With this linkage, they were able to
characterize the partisan composition and voter turnout patterns of clergy in different
denominations. With ancillary information on the voter files, they could further describe
patterns of political affiliation and engagement among clergy by demographic characteristics.
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Reform Judaism rabbis were the most
Democratic, while pastors in Wisconsin
Lutheran congregations were the most
Republican.

Hersh’s study of married couples (conducted
with Yair Ghitza of Catalist, a voter file
vendor) found that about one-in-ten
households with a married couple included
one Democratic and one Republican spouse.
Many other households had a Republican or
a Democrat married to an independent, and
15% featured two independents. Overall,
about 55% had partisans (Democratic or

Republican) who were married to someone of

the same party. Among other insights in the

Party composition of married
households

% of all households in sample

Female spouse...

Democrat Independent Republican
Male spouse...
Democrat 25 4 3
Independent 6 15 5
Republican 6 5 30

Source: Eitan D. Hersh and Yair Ghitza. “Mixed Partisan Households
and Electoral Participation in the United States.” Working paper
June 28, 2017. Based on 18,274,446 married couples in party
registration states.

“Commercial Voter Files and the Study of U.S. Politics”

PEW RESEARCH CENTER

study was the fact that voter turnout tended to be higher among partisans who were married to

someone of the same party than partisans married to an independent or someone of the

opposite party.

These kinds of applications come with the standard caveats that apply to all voter file work —

matching people to the files is an inexact science, the data on the files are not perfect — but they

do provide a perspective on certain populations that would be expensive or perhaps impossible

to obtain through conventional surveys.
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Using voter files to identify ‘consistent voters,” ‘drop-off voters’ and
‘nonvoters’

Voter turnout in the U.S. varies considerably by the type of election. It is highest in presidential
election years and drops off considerably in

off-years. Not only does overall turnout vary

but the kinds of people who vote only in ‘Drop-off’ voters cared less than

consistent voters about who won their
House district in 2016

% who said they personally care a good deal who wins
the following races in 2016

presidential elections are different from those
who vote in both the presidential and the off-
year elections. And, of course, some people
rarely or never vote at all.

Among those
Pew Research Center explored the differences ~ whovotedin ... us. I-(Lgus.e _ _
between these three kinds of voters: 12 '14°16 nmy IS&Pre&‘dent Dif.
“consistent voters” — those who vote in both v v v 093 1ldpts.
. . . CN Y| @85 35
residential and off-year elections, “drop-off
P ” year o p 00O @47 21
voters” — those who vote in presidential but ‘ ‘ ‘
0 100

not off-year elections and “nonvoters” —

thOSG WhO rarely Or never vote. The Center Note: Based on registered voters age 22 and older who matched to

could have classified voters based on self- the voter file.
. . . Source: Survey conducted March 25-April 19, 2016.
reported turnout in previous electlons, but “Commercial Voter Files and the Study of U.S. Politics”

considerable research has shown that people PEW RESEARCH CENTER

tend to overreport their past voting.
Accordingly, survey respondents from a
sizable survey conducted using GfK’s KnowledgePanel (a probability-based panel of U.S. adults
who have agreed to take periodic surveys) were matched with turnout records in the national
voter file compiled by TargetSmart, a commercial voter file vendor. Nearly nine-in-ten
respondents (88%) were matched to a record in the TargetSmart database. Voters were
classified based on whether they voted in 2012, 2014 and 2016 (consistent voters), 2012 and
2016 but not 2014 (drop-off voters) or none of the three elections (nonvoters). These three kinds
of voters were compared on a wide range of demographic and political characteristics, including
attitudes about citizenship, politics and the role of government.

Matching a telephone survey to a voter file

The core analysis in this report is based on linking members of the American Trends Panel with
their corresponding voter registration and turnout data found in commercial voter files. This
linkage is easier and more reliable for survey panels, which typically have names, addresses and
other information that is useful for matching. But other kinds of surveys — such as RDD
telephone surveys — may also be matched to commercial voter files, even if it is not feasible to
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gather all of the necessary personal information for precise matching. Matching by phone is

possible because most records in the commercial voter files have telephone numbers associated

with them. For example, File 2 reported to us that it has phone numbers for 72% of registered
adults and 55% of unregistered adults. But how well does matching by phone number alone

work in practice?

To test the feasibility of linking an RDD
sample to a voter file, researchers matched
records from an August 2016 dual-frame
RDD telephone survey to a commercial voter
file vendor. Portions of the matched data
(which included voter file records associated
with telephone numbers from both survey
respondents and nonrespondents) were
employed in an analysis of possible
nonresponse bias in Pew Research Center’s
2017 study of survey nonresponse.

Of 40,182 phone numbers dialed, 16,466
(41%) were matched to one or more voter
records. Among the 2,802 completed
interviews, 1,513 (54%) were matched to at
least one voter record. Many numbers were
matched to more than one voter record.
Especially in the landline sample, it was
evident that two or more members of the
same household were associated with the
same number; many of these shared the same
last name and the same address. Similarly,
some individuals had two or three voter
records (usually from different states or
locations within a state).

Center researchers attempted to select the
voter record that best corresponded with the
actual survey respondent and was the most
up-to-date. Respondents who matched the
voter record with respect to sex and age
(within plus or minus two years) were
retained for further examination, along with

Matched phone survey cases differ from
the unmatched

Demographic and political profile of matched and
unmatched

Matched Unmatched Total

Male 46 51 49
Female 54 49 51
18-29 8 26 21
30-49 27 36 33
50-64 32 24 26
65+ 29 12 18
White, non-Hispanic 74 56 62
Black, non-Hispanic 9 13 12
Hispanic 9 18 16
Other 6 9 8
College graduate 36 24 28
Some college 32 32 32
High school or less 31 43 39
Democrat/lean Dem 47 49 48
Republican/lean Rep 42 35 37
No lean 11 16 15
Own home 72 53 59
Resided 5+ years 66 52 56
Registered to vote (self-

report) 89 66 73
Voted in 2012 (self-report) 79 49 58

Source: Telephone survey conducted Aug. 23 to Sept. 2, 2016. Data
are weighted. Home ownership and 2012 vote based on smaller
samples.
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those for whom age was not available from either the survey or the voter file. The respondents’
first names (collected at the end of the survey for many of the respondents) and ZIP code were
used to further narrow the matched cases.

In all, 948 respondents in the poll (34% unweighted, 30% weighted) were matched to a voter
record that corresponded with the survey record on sex, age, race (white vs. nonwhite) and
location. The unweighted match rate was 67% among landline numbers and 23% among
cellphone numbers. This match rate yields a sizable number of survey respondents with official
voting records and modeled data on partisanship, political engagement and other variables.
Still, the kinds of respondents who could be matched differed somewhat from those for whom a
reliable match could not be made. The pattern of differences is very similar to that seen in the
analysis of matching using the American Trends Panel, though the magnitude of the differences
is greater. As we would expect, respondents who say they are not registered to vote were far less
likely than others to be matched, though some were. And younger, less educated, less affluent,
minority and politically unengaged individuals (based on survey responses) were considerably
less likely to be matched.

Consequently, the trade-offs described earlier in this report are very evident here. The
composition of the matched group is different from the unmatched group. Demographically, the
matched respondents are older (29% ages 65 and older compared with just 12% among the
unmatched), better educated, more likely to be non-Hispanic white and to own their home.
Politically, the matched group is much more engaged and much more likely to be Republican
than the unmatched group.

The utility of a process that matches about one-third of a telephone survey sample may be
limited for researchers who are working with small sample sizes. But if the survey had attempted
to collect name and address for the respondents, it’s possible that additional matches could have
been located.
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6. Commercial voter files in perspective

Despite the potential value of commercial voter files, they are hardly perfect. The imperfections
stem from a variety of sources. At their core, the files are a compilation of official records from
each state and the District of Columbia, with the addition of information about both registered
and unregistered adults from other sources. But the administration of elections in the U.S. is
remarkably decentralized, and the means by which official records are maintained and updated
varies, although less so now than in the past. Moreover, the rules and norms governing access to
voter records vary considerably from place to place.

Beyond the record of a voter’s registration and turnout, the quality of additional information
such as demographic characteristics or a phone number is not uniform and is sometimes
unavailable.

One important source of error in voter files is that Americans remain a fairly mobile population
and there is no official system to notify elections officials that a voter has moved. (The National
Change of Address dataset is maintained by the U.S. Postal Service but is not automatically
integrated with election systems in the states.) The companies that compile and market voter
data attempt to link voting records of individuals when they move, but the process is complex
and far from foolproof. The kinds of people who are most likely to be missed in the voter files
when they move do not constitute a random subset of the population, but instead are more likely
to be younger, less educated, poorer and nonwhite. Similarly, very mobile Americans are more
likely to appear on files in more than one location.

A related source of bias is the fact that voter files systematically miss those who are not

registered to vote. Most of the commercial vendors of voting data attempt to include all
Americans — registered and unregistered — because many users of voter files are interested in
reaching and mobilizing all voting-eligible citizens. But since the files are built initially on
official registration records, many of the unregistered fall through the cracks. The unregistered
in the U.S. are less likely to have clear digital footprints, due in part to their greater mobility.

Efforts have been made to deal with errors in voter registration records resulting from mobility
and other factors. For example, the Electronic Registration Information Center, also known as

ERIC, is a nonprofit organization funded by 20 participating state governments to actively align
official voter files across state lines to reduce these kinds of errors and to increase access to voter
registration for all eligible citizens. (Disclosure: ERIC was formed in 2012 with assistance from
The Pew Charitable Trusts, the parent organization of Pew Research Center.)

Some political scientists have also argued that the use of commercial voter files raises important
normative questions. Those who believe that the political process benefits from higher levels of
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citizen participation may see voter files as providing a means for facilitating participation in the
political process. While it can be demonstrated that voter files can be instrumental in promoting
greater turnout among targeted groups and individuals, it is difficult to know whether their use
results in an overall increase in political engagement. Similarly, while greater aggregate
participation may be a desirable goal for a democracy, there is evidence in the political science
literature that voter files increase inequality in participation because they are used primarily to

further mobilize people who are already engaged. If efficiency in the use of campaign resources
is a principal goal of practitioners (rather than engaging new or irregular voters), voter files
could produce greater inequality in participation by making it easier for campaigns to avoid
“wasting” effort on younger or poorer voters who may have a low propensity to participate in the
first place.

Beyond the impact that voter files may have on the democratic process, the widespread
availability of such detailed information about individuals raises concerns about personal
privacy. Pew Research Center studies have found that Americans hold strong views about
privacy in everyday life. They worry about the amount of their personal information that is being
collected but at the same time are open to providing information in exchange for certain kinds of
benefits. Nevertheless, they have little confidence that personal data about them held by
businesses and government is secure (see the Methodology section of this report for details
about how the Center handled survey respondents’ personal information).

The core data in voter files are the publicly available voting records of individuals. Members of
the public may be unaware that voting records are public, but campaigns have long had access to
them. What has changed is that they are much more accessible in the digital age due to changes
in both government policies and the routine practices of the agencies that administer elections.
It is simply more efficient for governments to digitize the records necessary for the orderly
administration of registration and voting.

Another change is that it is now much easier to merge voter records with other kinds of digital
data, such as that collected by marketing and credit data companies. And it is possible to merge
the voter file data, including the financial and marketing data, with data from social media
platforms. Together, this information can provide a relatively comprehensive portrait of many
individual citizens for use by campaigns and interest groups. Of course, this is just the political
equivalent of what marketers are doing to identify and target consumers for specific products
and services. But it brings the political process into the ongoing debate about personal privacy,
where people often have strong negative reactions to finding themselves the focus of tailored ad
campaigns and the like.
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Methodology

Survey conducted Nov. 29 to Dec. 12, 2016

The commercial voter file data were matched to panelists who took part in the post-election
survey of the American Trends Panel (ATP). The ATP, created by Pew Research Center, is a
nationally representative panel of randomly selected U.S. adults recruited from landline and
cellphone RDD surveys. Panelists participate via monthly self-administered web surveys.
Panelists who do not have internet access are provided with a tablet and wireless internet
connection. The panel was managed by Abt SRBI.

This report draws on questions about voter turnout and candidate preference asked in the panel
wave conducted Nov. 29 to Dec. 12, 2016, among 4,183 respondents. The margin of sampling
error for the full sample of 4,183 respondents is plus or minus 2.7 percentage points. Other
questions, such as voter registration, race, education, income or religion, were asked either at
the time the panelist was recruited to the ATP or in a subsequent wave.

Members of the American Trends Panel were recruited from two large, national landline and
cellphone RDD surveys conducted in English and Spanish. At the end of each survey,
respondents were invited to join the panel. The first group of panelists was recruited from the
2014 Political Polarization and Typology Survey, conducted Jan. 23 to March 16, 2014. Of the
10,013 adults interviewed, 9,809 were invited to take part in the panel and a total of 5,338
agreed to participate.’3 The second group of panelists was recruited from the 2015 Survey on
Government, conducted Aug. 27 to Oct. 4, 2015. Of the 6,004 adults interviewed, all were
invited to join the panel, and 2,976 agreed to participate.4

The ATP data were weighted in a multi-step process that begins with a base weight
incorporating the respondents’ original survey selection probability and the fact that in 2014
some panelists were subsampled for invitation to the panel. Next, an adjustment was made for
the fact that the propensity to join the panel and remain an active panelist varied across
different groups in the sample. The final step in the weighting uses an iterative technique that
aligns the sample to population benchmarks on a number of dimensions. Gender, age,
education, race, Hispanic origin and region parameters come from the U.S. Census Bureau's
2014 American Community Survey. The county-level population density parameter (deciles)
comes from the 2010 U.S. decennial census. The telephone service benchmark comes from the

13 When data collection for the 2014 Political Polarization and Typology Survey began, non-internet users were subsampled at a rate of
25%, but a decision was made shortly thereafter to invite all non-internet users to join. In total, 83% of non-internet users were invited to
join the panel.

14 Respondents to the 2014 Political Polarization and Typology Survey who indicated that they are internet users but refused to provide an
email address were initially permitted to participate in the American Trends Panel by mail, but were no longer permitted to join the panel
after February 6, 2014. Internet users from the 2015 Survey on Government who refused to provide an email address were not permitted
to join the panel.
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July to December 2015 National Health Interview Survey and is projected to 2016. The
volunteerism benchmark comes from the 2013 Current Population Survey Volunteer
Supplement. The party affiliation benchmark is the average of the three most recent Pew
Research Center general public telephone surveys. The internet access benchmark comes from
the 2015 Pew Survey on Government. Respondents who did not previously have internet access
are treated as not having internet access for weighting purposes. The frequency of internet use
benchmark is an estimate of daily internet use projected to 2016 from the 2013 Current
Population Survey Computer and Internet Use Supplement. Sampling errors and statistical tests
of significance take into account the effect of weighting. Interviews are conducted in both
English and Spanish, but the Hispanic sample in the American Trends Panel is predominantly
native born and English speaking.

The following table shows the unweighted sample sizes and the error attributable to sampling
that would be expected at the 95% level of confidence for different groups in the survey:

Survey conducted Nov. 29 to Dec. 12, 2016

Unweighted
Group sample size Plus or minus ...
Total sample 4,183 2.7 percentage points
Matched by one or more files15 3,626 2.9
Unmatched by any file 359 9.3

Sample sizes and sampling errors for other subgroups are available upon request.

In addition to sampling error, one should bear in mind that question wording and practical
difficulties in conducting surveys can introduce error or bias into the findings of opinion polls.

The November 2016 wave had a response rate of 79% (4,183 responses among 5,280 individuals
in the panel). Taking account of the combined, weighted response rate for the recruitment
surveys (10.0%) and attrition from panel members who were removed at their request or for
inactivity, the cumulative response rate for the wave is 2.6 %.1°

15 Among those who provided a name and were considered active panelists at that time
16 Approximately once per year, panelists who have not participated in multiple consecutive waves are removed from the panel. These
cases are counted in the denominator of cumulative response rates.
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Matching voter file data to the American Trends Panel

To best understand and evaluate both the matching process and the properties of voter files,
Pew Research Center attempted to match members of the American Trends Panel (ATP), its
nationally representative survey panel, to five of the most commonly used commercial voter

files. Two of the files are

from vendors that are Large majority of panelists matched to two or more

traditionally nonpartisan, voter files

and three are from vendors % of panelists matched to____ files by file

who work primarily with overall | (File)1 2 3 4 5

clients on one side of the % % % % %

partisan spectrum — two Overall match rate 91 79 77 69 69 50

that work with Democratic Matched...

and politically progressive No files 9 - - - -

clients and one that works 1 file 9 4 5 3 * 0

with Republican and 2 files 13 11 11 8 4 *

politically conservative 3 files 10 1010 ! 10 4

clients. 4 files 18 22 20 22 26 13
5 files 41 53 54 60 60 82

100 | 100 100 100 100 100

As part of the core American
Trends Panel methodology,

Note: Among active panelists who provided a name. Figures read down. Weighted.

PEW RESEARCH CENTER
the names and addresses of

most panelists were

gathered, usually at the time an individual joined the panel. All voter file vendors were provided
with the same panelist information to facilitate the matching process: name, address, gender,
phone number, race and ethnicity, date of birth and email address. They were asked to find
these individuals in their voter files using their normal matching methodology and return the
voter file records, such as registration status and turnout history, to Pew Research Center. Of the
3,985 active members of the ATP who provided a name, 91% were identified in at least one of
the five commercial voter files.

To protect the privacy of the panelists, the personally identifying information they provided to
Pew Research Center, as well as any personally identifying information from the voter files, is
securely stored and is accessible only to researchers working on this project. In addition,
vendors were contractually obligated to maintain the confidentiality of panelist information and
permanently delete all personally identifying information about panelists after the services
provided to the Center were complete. All vendors confirmed that they had done so.

www.pewresearch.org



http://www.pewresearch.org/

54
PEW RESEARCH CENTER

Assessing the accuracy of the matches

In addition to failing to match every survey respondent, commercial voter files may sometimes
match a respondent to an incorrect record in their files. It was beyond the scope of this project
to rigorously assess the accuracy of the matches. A thorough evaluation of the accuracy of the
matches would require comparing matched records provided by the vendors and unmatched
cases with the official state records and whatever commercial records are used for nonvoters or
appended to voter records.

Nonetheless, the analysis of voter registration and turnout in Chapter 3 was potentially sensitive
to the accuracy of the matches, since errors in matching theoretically produce overestimates of
registration and turnout. There is the possibility that mistakenly substituting a random,
incorrect person for an actual panelist could bias the registration and voting rates upward, since
any random individual in a voter file is more likely than not to be registered and to have voted in
2016. In order to reduce this potential bias, researchers took a small step to identify possibly
incorrect matches by comparing the panelists’ name and address as provided to the vendors
with the same variables from the matched data returned to us. In other words, the names and
addresses on a voter file record provided to us should closely match the name and address of the
panelist as we know it. This verification process cannot identify panelists who were incorrectly
missed by a vendor, but it does provide some measure of the degree of confidence researchers
can have that the records returned to the Center belong to the actual panelists.

Collectively, the five vendors in the study provided a total of 18,558 matches to us for the 4,651
panelists that at least one vendor was able to locate.”” To examine the matches, a combination of
automated and human coding was used. A simple text analysis package in the R programming
language was used to compare the names and addresses of all matched panelists and return a
score indicating how similar or different they were to what we had on file. A comparison of the
automated and manual analysis on a set of test cases showed that the automated analysis could
be depended upon to identify highly reliable matches (with a high similarity score), while also
signaling possibly inaccurate matches (with a lower similarity score).

After applying the automated analysis to the full set of matches, 2,807 were flagged as possibly
inaccurate. All of these were then manually inspected by a pair of human coders who made a
judgment as to whether or not the person identified by the vendor was the same as the person in
the survey panel.’® In addition, a set of matches that contained potentially discrepant
information on other variables (such as disagreement among vendors with respect to 2016 voter
turnout) was identified for manual inspection, regardless of their score on the automated text

17 This analysis was conducted with all available panelists and was not limited to those who responded to the 2016 post-election survey.
18 A total of 639 decisions (based on a random sample of 200 panelists whose records had been examined manually) were coded by both
coders to create a measure of inter-coder reliability. Cohen’s kappa (a statistic that measures agreement among coders) was .71 and the
share of decisions on which the coders agreed was 95%.
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analysis. In all, 12% of matched panelists had a possibly incorrect match returned by at least one
vendor. Looking at the matches by vendor, the percentage of matches judged to be possibly
incorrect varied from a low of 1% for File 5 to a high of 6% for Files 2 and 3.

To be sure, these errors are relatively contained. Two-thirds (68%) of the cases that were found
to be possibly incorrect were coded as such in only one of the files to which they were matched.
In addition, the vast majority (80%) of these potentially incorrect matches were matched to
more than one file. In all, 3% of all matched panelists that were found to be possibly incorrect
were matched to only one file and therefore would result in a matched panelist becoming a non-
match were these cases to be excluded.

It should be noted that a match judged to be possibly inaccurate may nevertheless refer to the
actual panelist, though perhaps at a completely different address or with a substantial change in
name (such as might occur after marriage). The statistics reported above reflect a conservative
approach to judging the accuracy of matches.

Because a principal goal of this report is to gauge the accuracy and utility of commercial voter
file data as it was provided by the vendors, we did not remove the possibly incorrect matches
from the analysis in this report except for the examination of voter registration and turnout in
Chapter 3.
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